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Glenn Beck: Empathy for Black Lives Matter

empathy is especially pressing today, since these movements and others —
the Tea Party, the Bernie Sanders campaign, Occupy Wall Street — share
similar grievances: In their own ways, they say: “I am not being

September 07, 2016 - By GLENN BECK - Opinion - Print Headline: "Empathy for Black Lives
Matter"

Jonah Hill Is No Joke

outlet, where | met Hill on a Wednesday afternoon in June, is an icily air-
conditioned subterranean space on 23rd Street with nightmarish wall
murals and 18 royal blue tables. Players were scattered about the place,

August 07, 2016 - By MOLLY YOUNG - Magazine - Print Headline: "A Serious Man"
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« Mention to Entity Entity Descriptions
Mapping (Keyphrases)

Game maker Hasbro will include
female Star Wars: The Force

Awakens chaia
Wars themed

Star Wars
orce Awakens
Jedi

& Notlogged in Talk Contributions Create account Log

Article Talk Read View source View history |Search
: Star Wars: The Force Awakens =
WIKIPEDIA
The Free Encyclopedia From Wikipedia, the free encyclopedia
Main page Star Wars: The Force Awakens (also known
Star Wars: The Force Awakens
Contents as Star Wars: Episode VIl - The Force
peatiiadioonioot Awakens) is a 2015 American epic space
Current events . .
) opera film directed, co-produced, and co-
Random article
Donate to Wikipedia written by J. J. Abrams. The seventh
Wikipedia store installment in the main Star Wars film series, it
§ stars Harrison Ford, Mark Hamill, Carrie Fisher,
Interaction X K X
Help Adam Driver, Daisy Ridley, John Boyega,
About Wikipedia Oscar Isaac, Lupita Nyong'o, Andy Serkis,
Community portal Domhnall Gleeson, Anthony Daniels, Peter
Recent changes Mayhew, and Max von Sydow. Produced by
Contact page Lucasfilm and Abrams' Bad Robot Productions
Tools and distributed worldwide by Walt Disney
What links here Studios Motion Pictures, The Force Awakens is
Related ?hanges set 30 years after Return of the Jedi; it follows
&z 'Déd L2 Rey, Finn, and Poe Dameron's search for Luke
sl Skywalker and their fight alongside th
) alker and their fight alongside the
pomenen i Re)::;tance led b vetgerans o?the Rebel Thoafricel release postar
Page mfgrmauon i T Y X Directed by J. J. Abrams
Wikidata item Alliance, against Kylo Ren and the First Order,
—— . N Produced by Kathleen Kennedy
Cite this page a group that is the successor to the Galactic Sl AT
Print/export Empire. Bryan Burk
Create a book The Force Awakens is the first film in the Star | Written by rawrance/Kasoan
LT Wars sequel trilogy announced after Disney's 3. J. Abrams
Printable version . y L y Michasl Amt
acquisition of Lucasfilm in October 2012. It was | Based on Characters
IDEIEETEE 2D produced by Abrams, his longtime collaborator by George Lucas
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Popular entities”
Mine Wikipedia! (and homepages)

(% \'\ Fully Automatic

Longtall entities?
No Wikipedia page or
too little context.
Maybe the web?

Fully Manual?
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Keyphrases
that describe the entity

Human in the
loop
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Problem Definition

Document Collection

Star Wars
Force Awakens
Jedi
& 2 Movie
| | ~ Coverage Problem
(ambiguous) (over Keyphrases)

Entity Mention

Initial Entity | > Fetch Docs for Rank Docs
Description Y Name smonmerammme .
- 3 T
Updated Entity — Review
KB R Model Keyphrases i
S~— I
User Feedback Cycle

Figure 2: Harvesting Keyphrases with the Help of the User
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Auto Feature Extraction Manual Feature Extraction

a Names How is the entity called?

Full Name: e Is this about your entity?
Finn '‘Star Wars': The Force Of Nostalgia Is Strong With
This One lﬁ]
Other Names:

... sounds a lot like an old villain; scrappy female scavenger Rey (Daisy
Ridley), who's also a pilot; and Finn (John Boyega), a Stormtrooper
gone AWOL who decides Rey needs protecting, whether she wants it or
feisty enough to banish thoughts of Katniss Everdeen from the most
devoted Hunger Games enthusiast, Finn is the sort of impetuous, can-
do hero who'll inspire a whole new generation of Star Warriors, and ...

Alternative names for your entity

6 Automatic Description Add these phrases if they describe
9 Description your entity well.

Descriptive Phrases: Descriptive Phrases:

Eb

«

John Boyega x | planet Jakku x | stormtrooper Finn x

Describing your entity with phrases. Press enter after

Are You Looking For This? Maybe we already know your entity!

Johannes Hoffart, Dragan Milchevski, Gerhard Weikum, Avishek Anand, and Jaspreet Singh. The Knowledge Awakens: Keeping
Knowledge Bases Fresh with Emerging Entities. In Proceedings of the 25th International Conference Companion on World Wide
Web (WWW '16 Companion).
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Approach
(StrghRank)

Query: mention + a few initial keywords

lterative Ranking Approach

User Feedback User Engagement Robustness

16
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Keyphrase Frequency

Rocchio Algorithm
Expand Query with Keyphrases (positive and negative)
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Engagement & Robustness

MJ - golf, basketball

ation due to feedback
>ation to find new
keyphrases

e Concept Drift due to diversification
* Bring it back on track with
Interleaving
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tatic List k = keyphrase
> S = Set of selected keyphrases

@ = consequential document
S ={k1,k2} @ = inconsequential document

=
B Dyramic List

reformulated

query S = {k1,k2, k3}
S ={k1,k2, k3
kd}
D SN . .
Dynamic List

ooooooooooooooo

reformulated

S = {k1,k2, k3
L k4, k5}
S = {k1,k2, k3
k4, k5, k6}
Dynamic List

S = {k1,k2, k3
k4, k5, k6,k7}

query



Approach Setup

e Static List; LM, Diversified list
 Dynamic List: LM, Diversitied list

e Diversification:
 Keyphrases as aspects
* Large space, noisy
* Nigerian people vs People of Nigeria

* Entities as aspects
* Joint Disambiguation is used
 Smaller space, canonicalized
e Keyphrases occur in the vicinity of entities

20



Baselines

LM - Language Model

- LM-Feedback

DivKp - Keyphrase Diversification

DivEnt - Entity Diversification

- DivKp-Feedback, DivEnt-Feedback

Interleaving Approaches
o | (static-list, dynamic-list)

 example: | (DivEnt, DivEnt-Feedback)

21



Measures

e Extrinsic Measure
- Disambiguation Accuracy

e |Intrinsic Measures

 Coverage of relevant keyphrases
 User Engagement Index

- Engagement Index

A=+-+-+- @
B=+---++ ‘

22 + = Consequential Document




EXperiments

* Document Collection: Clueweb 09
* Query Workload: 50 long-tail ambiguous queries
* Ground truth & NED: AIDA with YAGO2 (Wikipedia ’14)

Query = ambig. mention + 3 keyphrases

e User Simulation:

 FACC1 - high precision entity linking
* Document Relevance

* AIDA - entity descriptions
* Top 1000 keyphrases based on Ml score

23



) 10 15 20
LM 10.44% 17.06% 18.51% 22.00%
LM-FEEDBACK 9.16% 18.91% 19.25% 22.17%
I(LM,LM-FEEDBACK) 10.41% 16.21% 17.75% 20.52%
Divkyp 10.84% 14.97% 16.21% 16.82%
DIV kp-FEEDBACK 10.64% 14.72% 17.79% 18.83%
I(D1vkp, DIVkp-FEEDBACK) 9.95% 14.72% 16.94% 18.81%
I(LM, D1vkp-FEEDBACK) 12.40% 18.09% 20.30% 21.15%

DIVEnt

Divent-FEEDBACK

I(D1VEnt, DIVEnr:-FEEDBACK)
I(LM, D1VEent-FEEDBACK)

IDEAL

15.96%

27.28%

23.53%
24.40%
24.55%
27.07%

32.56%

36.56%

Table 1: Disambiguation accuracy

workload at k = 5, 10, 15, 20.

for all queries in the

) 10 15 20
LM 16.17% 26.37% 28.65% 34.00%
LM-FEEDBACK 14.18% 29.27% 29.80% 34.31%
I(LM,LM-FEEDBACK) 15.96% 16.21% 17.75% 20.52%
Divk, 16.79% 23.19% 25.11% 26.03%
D1V k,-FEEDBACK 16.47% 22.79% 27.54% 29.16%
I(DiVkp, Divk,-FEEDBACK)  15.41% 22.79% 26.24% 29.11%
I(LM, DIV k,-FEEDBACK 19.44% 28.35% 31.79% 33.10%

Divent

Divg,:-FEEDBACK

22.05%
20.42%
19.16%

33.34%
32.54%
33.00%

36.16%
37.79%
37.93%

37.55%
42.95%
42.62%

I(D1Vgnt, DIVE,:-FEEDBACK)
I(LM, D1vg,:-FEEDBACK)

46.86%
55.92%

42.45%
49.79%

37.85%
41.68%

23.89%

IDEAL 24.42%

Table 2: Disambiguation accuracy for the subset of queries
which have low context overlap with corresponding existing
ambiguous entities in the KB at k = 5, 10, 15, 20.
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Figure 5: Keyphrase Coverage vs. Rank: The plots show the fraction of keyphrase coverage against the number of documents
the user requests (k = 1 to 20).
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Coverage
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Coverage

Entity Diversification
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Coverage

Effect of Rank
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Engagement
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lakeaways

e Diversification based approaches are better
e Diversitying over keyphrases is not good

e User feedback is helpful

* |[nterleaving helps when two contrasting

approaches are used

* | (LM, DivEnt-Feedback) achieves the best
balance between accuracy, coverage and

engagement
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Conclusion

* Entity annotations are needed for specialised
ranking and mining techniques

* [ongtall entities often found in archives are not
present iIn Wikipedia, making NED tools less
effective

 NED of ambiguous long tail entities can be tackled
with a human in the loop approach
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